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Abstract: A neural network (NN)-based decoding algorithm of block Markov superposition transmission (BMST) was
researched. The decoders of the basic code with different network structures and representations of training data were im-
plemented using NN. Integrating the NN-based decoder of the basic code in an iterative manner, a sliding window de-
coding algorithm was presented. To analyze the bit error rate (BER) performance, the genie-aided (GA) lower bounds
were presented. The NN-based decoding algorithm of the BMST provides a possible way to apply NN to decode long
codes. That means the part of the conventional decoder could be replaced by the NN. Numerical results show that the
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